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CAM
(Class Activation Mapping)

X Zhou, Bolei, et al. "Learning deep features for discriminative localization." Proceedings of the IEEE Conference on Computer Vision and Pattern Recognition. 2016.
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Convolution Neural Network
1. Convolution 2. Pooling
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Hand made filter :
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Convolution Neural Network

1. &2 layer

Supervise learning
Bounding box
Label

Weakly-supervised object localization(Label only)
Global Average pooling




Class Activation Mapping 2019-04-05

Class Activation Mapping
Feature Extraction (i o= 1 Softmax G = ZWEZ f (X, y)
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Result
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