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Tracking : i Depth Map Estimation : Map Optimization
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(See Sec, 3.3) (See Sec, 3.4) (See Sec, 3.2, 3.5 and 3.6)
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Optimization
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RAFSet SLAM
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RAFSet SLAM
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RAFSet SLAM

o0

H|

ulJ

100

E)

Hl

pd
H0

)

St
a

£E8 E07] 7

SINEN

fhE 7| eR(RE 22

ot=

ujJ

wir

i

X : RAFSet 2|23

;
of o[ x| 2]

-
O
—

1)

-
(o]
—

A ztof| M AL, O]+

’.@L@,@’Em



RAFSet SLAM

Covisibility Graph and Essential Graph (ORB-SLAM)
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RAFSet SLAM

» Covisibility Graph and Essential Graph (ORB-SLAM)

(a) KeyFrames {blue), Current Cam-
era (green), MapPoints (black, red).
Current Local MapPoints (red)

(c) Spanning Tree (green) and Loop (d) Essential Graph
Closure (red)
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RAFSet SLAM
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RAFSet SLAM
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Result

KITTI Dataset 319

‘a0t NOTF 1.17% 0.0035 [deg/m] 045
1. Deigmoeller and J. Eggert: Stereo Visual Odometry without Temporal Filtering. German Conference on Pattern Recognition (Gl

il HDF-SLAM . _ 1183 0.0025 [deg/m] | 0125

2 S-PTAM ‘code  1.19% | 0.0025[deg/m] | 0.03s |

T. Fire, T. Fischer, J. Civera, P. Crist\"[o}foris and J. Jacobo-Berlles: Stereo parallel tracking and mapping for robot localizatic
23] SISDSLAM code . 1.20% | 00033 [deg/m] | 0.07s

J. Engel, J. 5t "uckler and D. Cremers: Large-Scale Direct SLAM with Stereo Cameras. Int.~Conf. ~on Intelligent Robot Systems (IF
24! VoBa ' L 12% . 0.0029 [deg/m] | O1s

1. Tardif, M. George, M. Laverne, A. Kelly and A. Stentz: A new approach to vision-aided inertial navigation. 2010 IEEE/RS] Inte
Taipei, Taiwan 2010.

25 Liviodo 122% 0.0042 [deg/m] | 0.5

26! CBSLAM 1.24% 0.0029 [deg/m] | 0.04s

7 sLup 1.25% 0.0041 [deg/m] | 0.17s

28! FRVO _ . 1.26% | 0.0038[deg/m] | 0.03s

.W_ .l;l'-e'iq'i ng, L. Siew-Kei and 5. .Tharnh'i pillaiz .& Frameuxl:nrk for Fast and Rohulst Visual Odometry. |IEEE Tranlsa::tion an Intell'i.gent'
29! PO : : ' 1.29% 00031 [deg/m] | 025
130 M4FI 1.30%  0.0030[deg/m] | O0ds |

H. Badino, A. Yamamoto and T. Kanade: Yisual Odometry by Multi-frame Feature Integration. First International Workshop on Cc
31 RAFSetSLAM [ 130% | 0.0027 [deg/m] | 035
2 TLBEA 1.36% 0.0038 [deg/m] | 015

W I;u: Z. Xiang and J. Liu: H'ig,l.'l-gerfc-rman:e-\-'isual c-dc;-metr\r with tweo- starg,é local binocular BA and GPU.. Imtelligent ‘.fehi-cl;es b1
133! 2F0-CC Ccode . 1.37% | 0.0035[deg/m] Os
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Robust Aged Feature Set SLAM [st][la] [RAFSet-
SLAM]

Submitted on 26 Jun. 2017 08:54 by
Hyunho Jeon (chungnam national univ. - image system lab.)

Running time: 0.3 s
Environment: 2 cores @ 2.5 Ghz (C/C++)

Method Description:

This i= an incomplete versicn of BAFSet SLAM.
The algorithm is incomplete and performance can be
improved by setting the appropriate parameters.

Parameters:

Age
- imnit 200
- thre 200

Latex Bibtex:
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|—Fol low Camera
[TIshow Points
["Ishow KeyFrames
|_Show Graph
_JLocalization Mode

Reset

Result

W] ORB-SLAM2: Current Frame
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KITTI Dataset 31

Sequence 11
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Conclusion
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